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The authors study how ad cues affect consumer behavior in new ver-
sus well-established markets. The authors use theoretical insights from
consumer information processing to argue that the same ad cues can
have different effects on consumer behavior, depending on whether the
market is new or old. The authors then test these hypotheses in the con-
text of a toll-free referral service, using a highly disaggregate economet-
ric model of advertising response. The results indicate that argument-
based appeals, expert sources, and negatively framed messages are
particularly effective in new markets. Emotion-based appeals and posi-
tively framed messages are more effective in older markets than in new

What to Say When: Advertising Appeals in

markets.

Does advertising affect behavior? If so, which particular
creative appeal or ad cue works best? Researchers have tried
to answer these questions for several decades. Research to
date can be broadly classified into two streams: laboratory
studies of the effects of ad cues on cognitions, affect, or
intentions and econometric studies of the effects of advertis-
ing intensity on purchase behavior. Table 1 lists a sample of
articles in these streams.

Laboratory studies have covered a variety of advertising
elements, including emotional cues (e.g., Holbrook and
Batra 1987; Singh and Cole 1993), types of arguments
(Etgar and Goodwin 1982), humor (Sternthal and Craig
1973), and music (e.g., MaclInnis and Park 1991; Park and
Young 1986). These studies emphasize experimental control
and are almost exclusively lab-based (see Maclnnis and
Jaworski 1989; Meyers-Levy and Malaviya 1999). Depen-
dent variables studied include attitude toward the ad, attitude
toward the brand, memory, and purchase intentions (see
Stewart and Furse 1986). An important finding from this
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research is that the effects of various executional cues often
depend on consumers’ motivation and/or ability to process
ad information.

In contrast, econometric studies focus on the role of
advertising intensity on consumer behavior. Typically,
researchers measure advertising intensity as dollars; gross
rating points; or, more recently, ad exposures. Researchers
measure behavior as sales, market share, or consumer choice
(for reviews, see Sethuraman and Tellis 1991; Tellis 1998;
Vakratsas and Ambler 1999). These studies emphasize the
precise modeling of the sales response to advertising and are
largely field-based, often in specific empirical contexts such
as toilet tissue, laundry detergent, vegetable juice, and other
consumer packaged goods (Eastlack and Rao 1986, 1989;
Krishnamurthi, Narayan, and Raj 1986; Lodish et al. 1995a,
b; Raj 1982; Tellis 1988; Tellis and Weiss 1995). One find-
ing from this research is that a change in the ad used has a
stronger effect on sales response than changes in advertising
intensity alone (Blair and Rosenburg 1994; Eastlack and
Rao 1986; Lodish et al. 1995b; Lodish and Riskey 1997).

Although these two research streams have contributed
greatly to the current understanding of advertising, each has
focused on different variables and has operated largely in
isolation of the other. For example, lab-based studies of con-
sumer behavior focus on the effects of an ad’s executional
cues on attitudes, intentions, and memory (see Wells 1993;
Winer 1999). They rarely examine how or whether these
cues affect actual behavior. Many authors suspect that theo-
ries of the role of advertising on consumer attitudes and per-
suasion may also explain consumers’ behavioral response to
ads. However, other authors suggest that some commonly
used measures of attitude and persuasion may not relate to
behavior at all (Lodish et al. 1995b). Furthermore, despite
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Table 1
REPRESENTATIVE STUDIES

Independent Variables

Dependent Variables

Ad Intensity

Ad Cues

Attitudes, Memory, Intentions

Behavior *Raj (1982)

*Petty and Cacioppo (1979)
*Craig, Sternthal, and Leavitt (1976)
*Pechmann and Stewart (1988, review)

+Sternthal and Craig (1973)
*Holbrook and Batra (1987)

«Singh and Cole (1993)

*Etgar and Goodwin (1982)
Maclnnis and Park (1991)

*Park and Young (1986)

*Weinberger and Gulas (1992, review)

*The present study

«Krishnamurthi, Narayan, and Raj (1986)
*Eastlack and Rao (1986, 1989)

sLodish et al. (1995a, b)

extensive econometric modeling of advertising response, lit-
tle ts known about why some ads drive consumer behavior
more than others and whether variation in behavioral
response to ads relates to specific executional cues of those
ads. Therefore, many researchers have called for an integra-
tion of these two research streams (e.g., Cook and Kover
1997; Stewart 1992; see also Wells 1993; Winer 1999).

This article addresses this call. It contributes to the litera-
ture in three ways. First, it attempts to develop deeper
insight into the relationship between the executional cues of
ads and consumers’ behavioral response to those ads. On the
basis of the behavioral literature, we develop a set of
hypotheses on how these cues may affect behavior in actual
markets. Second, we conduct our tests using data from real
ads aired in real markets, a setting that enables us to explore
the contextual boundaries of advertising theories. In partic-
ular, our data cover executional cues used in ads and actual
response to those ads in real markets. The context, medical
service, is also different from that typically used in prior
research.

Third, we assess consumer response to ads across differ-
ent levels of market age. Market age refers to the length of
time a product or service has been available and advertised
in a particular market. For a particular product or service,
one market is said to be older than another if the product or
service has been available and advertised longer in the first
market than in the second. Thus, a young market is one
where the product or service was introduced only recently;
an old market is one where the product or service has been
available and advertised for a long time. We argue that dif-
ferent cues work differently in younger markets than in
older ones because of intrinsic differences in consumers’
motivation and ability to process information in those mar-
kets. Knowledge of these differences can help marketers
design ads that are tailored to the age of individual markets.

The remainder of this article is organized as follows. The
next two sections present the theory and hypotheses of the
study. The following three sections describe the study’s
empirical context, method, and results. The last two sections
discuss the implications and limitations of the research.

HOW ADVERTISING CUES AFFECT BEHAVIOR IN
EVOLVING MARKETS

Many advertising researchers have noted that the effects
of advertising change as markets grow older. The empirical

evidence suggests that ad elasticities decline significantly in
older markets (Parsons 1975; Tellis and Fornell 1988). The
focus of the research so far has been on the amount of adver-
tising (in the form of exposures or expenditures); the results
indicate that the same amount of advertising is less effective
in older markets than in younger ones. But in the quest for
higher effectiveness, the marketer has control over more
than just the amount of advertising; the marketer also con-
trols the type of ad creative or execution. We focus on the
type of advertising execution and ask how different execu-
tional cues work at different stages of market evolution.

We organize the theoretical discussion of advertising
effects in evolving markets around the theme of consumers’
motivation and ability to process ads. In the next section, we
first highlight the role of consumer motivation and ability.
We then use these constructs to develop hypotheses about
the role of various advertising cues in different stages of
market evolution.

Consumer Motivation and Ability to Process Ads

Considerable research in consumer behavior suggests that
consumers’ motivation, ability, and opportunity to process
information from ads affects their responses to those ads
(see Maclnnis and Jaworski 1989; Petty and Cacioppo
1986). Motivation is typically defined as the extent to which
consumers are interested in information in an ad and willing
to expend effort to process it, given its relevance to their per-
sonal goals. Ability relates to the extent of knowledge con-
sumers have about the brand and its usage. Opportunity is
typically defined as the extent to which situational factors
facilitate ad processing. In our discussion of advertising
effects, we focus on consumers’ motivation and ability. We
do not consider opportunity, because it often reflects idio-
syncratic factors that vary both within a consumer and
across situations.

Researchers often conceptualize motivation and ability as
independent factors influencing consumers’ responsiveness
to marketing communications. However, Maclnnis, Moor-
man, and Jaworski (1991) propose that motivation and abil-
ity may be related. For example, consumers who are highly
knowledgeable about a product may have such well-devel-
oped knowledge structures and extensive product experi-
ence that they consider brand information from ads largely
irrelevant. Therefore, highly knowledgeable consumers may
also lack the motivation to process information from ads. In
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contrast, consumers who lack prior knowledge may be moti-
vated to acquire knowledge as a way of reducing purchase
risk. So one can imagine contexts in which an inverse rela-
tionship exists between motivation and ability to process
information from ads.

Role of Market Age

Market age represents an important context in which this
inverse relationship between motivation and ability to process
ads may be evident. In young markets, consumers are likely
to have little information about the product in prior memory.
Indeed, because the market is young, few customers are likely
to be aware either of the product or its differentiating attrib-
utes. Because prior knowledge is limited, consumers are
likely to be more motivated to process information about the
product from ads when the product and ad represent novel
stimuli (Grunert 1996). Furthermore, because the effects of
word of mouth are not yet established, consumers may be
uncertain about product quality and features. Advertising is
therefore a key source of product information. In young mar-
kets, consumers’ lack of product knowledge, limited prior
experience, and limited communication by word of mouth
can make the choice of the product risky. This perceived risk,
coupled with the inherent novelty of the product and the ad,
enhances consumers’ motivation to process information about
the product. The notion that young markets may be character-
ized by high motivation and limited ability 1s consistent with
classic models of buyer behavior (Howard 1977; Howard and
Sheth 1969) that posit that when decision making is novel (as
when markets are new) consumers exhibit considerable moti-
vation to learn about novel product features and benefits about
which they have no prior knowledge, and they spend time
gathering information to acquire this knowledge. It is further
consistent with classic conceptions of advertising decisions
over the product life cycle, in which an emphasis is placed on
reaching as many members of the target audience as possible
to inform them of the existence and features of the product.

In contrast to younger markets, in markets where the prod-
uct is old and well known, consumers may have had more
opportunities to gather and store product knowledge through
prior advertising exposures, personal experiences, and word
of mouth. However, the very existence of this prior knowledge
may reduce consumers’ motivation to attend to and process
key aspects of an ad. Classical models of buyer behavior are
consistent with the notion that consumers may exhibit limited
motivation and high ability in older markets. When markets
are old, consumers have already acquired product and market
information and have completed their decision making, which
limits their motivation to evaluate new information. Their
decision making may be routinized, characterized by limited
information processing and habitual purchasing.

On the basis of this theoretical structure, we focus on how
executional cues differentially affect consumer response to
advertising in markets at different stages of evolution. Note
that within a particular market, different consumers may
respond very differently to the same ads (see Cacioppo and
Petty 1982). However, this within-market variation is not the
focus of this study. Our emphasis is on understanding varia-
tion in consumer behavior across markets of different age
levels.

Myriad executional cues may interact with market age to
affect consumer response. We strive for a balance between
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breadth in the choice of advertising cues and control over
confounding factors (e.g., brand, product category). As such,
we focus on a select set of cues that can be classified into four
types: (1) appeal mode, (2) appeal prominence, (3) appeal
frame, and (4) appeal source. In the context of appeal mode,
we study the role of arguments and emotions. In the context
of appeal prominence, we study the prominence of key prod-
uct or service attributes. In the context of appeal frame, we
study the role of positive and negative goal framing. In the
context of appeal sources, we study the role of expert
endorsers. The following discussion presents hypotheses on
how the effects of each cue vary by market age.

Within each of these areas, we focus on specific variables
that have both a strong theoretical background and adequate
variation in our empirical context. For example, there is a
large theoretical literature on ad length and on celebrity
endorsers. However, we are unable to test the effects of ad
length because our data contain only 30-second ads. Simi-
larly, we are unable to test for celebrity endorsers because
they are not used in our ads. Therefore, we do not include
these variables in the theoretical discussion.

HYPOTHESES
Appeal Mode: The Role of Argument and Emotion

Scholars have long examined the role of arguments rela-
tive to emotions in driving behavior (Agres, Edell, and
Dubitsky 1990; Cohen and Areni 1991; McGuire 1969,
Petty and Wegener 1998). Early research in marketing
focused on whether emotional ads are more effective than
argument-based ads (Friestad and Thorson 1986; Golden
and Johnson 1983; Ray and Batra 1983). This research
shows conflicting findings; some authors argue that emo-
tions are more effective (e.g., Edwards 1990; Edwards and
von Hippel 1995; Friestad and Thorson 1986), and others
argue that arguments are more effective (e.g., Golden and
Johnson 1983; Millar and Millar 1990).

More recent research suggests that both emotions and
arguments can be effective, but their effectiveness varies by
context (see Olson and Zanna 1993; Petty and Wegener
1998; Stayman and Aaker 1988). Specifically, when con-
sumers have little information about a product, they are
more motivated to attend to and process arguments in the
ads. Then, if ads are to be persuasive, they need to provide
compelling arguments that reduce purchase risks and differ-
entiate the product from competitors. Because consumers
are motivated to process ads when prior knowledge is lack-
ing, they should find ads more compelling when the ads pro-
vide a credible reason for buying the product. However,
when consumers are already aware of the product and have
preexisting attitudes toward it, they are less motivated to
process information about it. Indeed, they may respond neg-
atively to argument-focused ads because of satiation, bore-
dom, or irritation (Batra and Ray 1986; Pechmann and
Stewart 1988; Petty and Cacioppo 1979; Rethans, Swasy,
and Marks 1986; Schumann, Petty, and Clemons 1990). In
the context of market age, this theory suggests that argu-
ment-based ads would be more persuasive in younger mar-
kets than in older ones, because consumers would be more
motivated to process their content.

The opposite effect may hold for emotion-based ads.
Such ads rarely convey factual information about a prod-
uct. Therefore, they may not reduce consumers’ percep-
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tions of risk. As such, they may have limited effects on
consumers who have limited prior knowledge. Although
emotions may convey warm feelings and stimulate favor-
able brand attitudes, attitudes formed by such processes
may not lead to choices of products about which con-
sumers are not well informed. The reason may be that such
ads may neither provide a credible reason for buying the
product nor change fundamental beliefs about it. Further-
more, when consumers lack product knowledge, emotional
ads may distract consumers from critical product content
(Moore and Hutchinson 1983). Thus, consumers are less
likely to encode or transfer product information to long-
term memory.

However, in older markets, where motivation is lacking
but product knowledge is present, emotion-laden ads may
win consumers’ attention and help the retrieval of prior
product knowledge from memory. Because such ads make
the product more accessible, bringing it to the forefront of
consumers’ memory, they are likely to affect behavior. Fur-
thermore, emotion-based ads may be more user oriented and
therefore more capable of enabling high-knowledge con-
sumers to imagine themselves interacting with the product.
This usage-oriented imagery may stimulate consumers to
elaborate on the benefits of personal usage, thus motivating
behavior.

This logic suggests the following hypotheses:

H,: Argument-based ads are more effective in younger markets
than in older markets.

H,: Emotion-based ads are more effective in older markets than
in younger markets.

Note that we are not equating emotional ads with peripheral
cues. Several models of persuasion (e.g., Maclnnis and
Jaworski 1989; Rossiter and Percy 1987; Vaughn 1980) pre-
sume no necessary relationship between ad content (emo-
tional versus rational) and peripheral versus central route
processing. Nor are we arguing that emotional and informa-
tion ads represent two ends of a continuum. Rather, we are
conceptualizing them as independent entities. Nor are we
comparing emotional to rational arguments. Rather, we
argue that ads that contain rational information will be more
effective in younger markets than in older markets, whereas
ads that contain emotional information will work better in
older markets than in younger markets.

Appeal Prominence

In young markets, consumers are unfamiliar with the
product and its key attributes. Therefore, they are less effi-
cient at assimilating key ad information into memory. Con-
sumers in younger markets may therefore take longer to
assimilate key message information than those in older mar-
kets. As such, anything that increases attention to and assim-
ilation of message information should facilitate ad effective-
ness. One variable that should influence attention and
assimilation is appeal or attribute prominence. Attributes
and appeals can be prominent by virtue of their size (e.g., a
large font versus a small font), their duration on screen, or
the number of times they are shown (Stewart and Furse
1986). Indeed, Gardner (1983) finds that consumers pay
more attention to and process more deeply attributes that are
more prominent than those that are less so. Furthermore, her
results indicate that prominence increases consumers’ abil-

ity to recall attributes. Attributes are also more likely to
affect brand attitudes, particularly when consumers consider
themselves knowledgeable about the category (Gardner
1983).

Stewart and Furse (1986) find positive relationships
between brand prominence in ads and recall, persuasion, and
comprehension, but only for products in the early stage of the
product life cycle. These results are consistent with the notion
that prominence may affect behavior more in younger than in
older markets. In older markets, brief prompting may be ade-
quate to access the relevant memory structures. As such, mak-
ing key information salient by virtue of its prominence may
be less critical in older than in younger markets. Thus,

Hs: Ads in which key attributes are prominent are more effective
in younger markets than in older markets.

Appeal Frame

Kahneman and Tversky (1979) have stimulated a large liter-
ature on the eftect of framing on consumer decisions. Although
decisions can be framed in many different ways, advertising
messages often involve the use of a specific type of frame: goal
framing. In this case, advertisers can frame the uses of a prod-
uct in a positive manner, highlighting the potential of the prod-
uct to provide gains (or obtain benefits), or a negative manner,
highlighting its potential to avoid loss (or solve problems) (see
Levin, Schneider, and Gaeth 1998; Meyerowitz and Chaiken
1987). Literature on goals and goal framing is limited in con-
sumer research, as is any research on the efficacy of this cue by
market age (see Bagozzi and Dholakia 1999; Roney, Higgins,
and Shah 1995). Therefore, our empirical efforts in this regard
reflect a unique contribution of the research.

Since many products introduced to a market are initially
developed to solve consumption problems, stating how a
product or service can avoid or solve a problem (negative goal
frame) is likely to be particularly effective in younger than in
older markets because the message appeals to those con-
sumers for whom the problem or its potential existence are
already a reality. In this case, the problem is already at the top
of a consumer’s mind, and advertising provides necessary
information about how that problem can be avoided or elimi-
nated. Therefore, ads that contain information for avoiding or
removing the problem will immediately motivate such con-
sumers to process the message (see Maheswaran and Meyers-
Levy 1990; for an exception, see Shiv, Edell, and Payne 1997)
and use the service. As the market ages, however, knowledge
of how a product or service resolves the problem diffuses
through the population. Thus, the pool of those consumers
who are motivated by such a message declines. Furthermore,
consumers may be irritated by repetition of negatively framed
messages (as would occur as markets age) that focus on prob-
lem avoidance, because these ads focus on things that are
unpleasant to think about (Aaker and Bruzonne 1981). There-
fore, negatively framed messages may be more successful in
younger markets than in older ones.

In contrast, messages that state positive and appetitive
goals may be more successful in older than in younger mar-
kets. As consumers become more aware of products’ abilities
to solve consumption problems, added motivation for prod-
uct use may be provided by information about how the prod-
uct fulfills appetitive and positive states. Thus, a cleaning
product that focuses on the product’s fresh scent may appeal
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to consumers in older markets who are already aware of and
convinced about the product’s core cleaning abilities. But
when the market is young, such messages may fail to address
consumers’ concerns with the problem, the brand, or the cat-
egory. As the market ages and these messages are repeated,
consumers’ motivation to process the ads declines, but their
belief in ad claims that do not explicitly highlight solutions
to problems may rise (Hawkins and Hoch 1992). In addition,
positively framed messages may be more effective than neg-
atively framed messages in older markets because they con-
tain fewer aversive stimuli that could create wearout.

Given the limited work on goal framing, our hypotheses
about its potential interaction with market age are tentative,
but they suggest the following:

Hy: Negatively framed ads are more effective in younger mar-
kets than in older markets.

Hs: Positively framed ads are more effective in older markets
than younger markets.

Appeal Source: The Role of Expertise

Expert sources are characters in an ad whose knowledge
or experience with the product category makes them highly
knowledgeable about product attributes and their benefits
for consumers. The impact of an expert source on behavioral
responses at different ages of the market is somewhat diffi-
cult to understand. Prior laboratory studies suggest that
when consumers’ motivation and ability to process the
advertised message are low, expert sources enhance the
credibility of the ad and thus its persuasive impact. Given
their low motivation and/or ability to process the message,
consumers rely on source expertise as a peripheral cue.
They infer that the brand or service must be good if it is
endorsed by the expert (Petty and Cacioppo 1986; Petty,
Cacioppo, and Goldman 1981; Ratneshwar and Chaiken
1991; Yalch and Yalch 1984). Other research suggests that
expert sources can also be important when motivation and
ability to deeply process a message are high. When con-
sumers deeply process a message, they may interpret an
expert source as an additional argument in favor of the ser-
vice (Kahle and Homer 1985; Petty and Cacioppo 1986).
This research suggests that an expert is always more valu-
able than a nonexpert.

However, we expect that source expertise is likely to have
a larger impact in younger markets than in older markets. In
younger markets, where category and brand knowledge is
limited, consumers are likely to rely on the opinions of oth-
ers. The expert in the ad provides an important source of
such information. Prior research suggests that consumers’
susceptibility to informational influence is high when the
source is regarded as an expert and the consumer lacks
expertise (French and Raven 1959; Hovland and Weiss
1951; Park and Lessig 1977)—as would be the case when
markets are younger. Furthermore, because consumers in
younger markets may be more motivated to process the
advertised message, these motivated recipients are likely to
scrutinize the entire ad deeply before arriving at a judgment.
Expert sources can enhance persuasion for consumers who
process a message deeply, because they serve as strong
arguments that enhance the persuasion of a deeply
processed ad (Homer and Kahle 1990). This logic suggests
the following:
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Hg: Expert endorsers are more effective in younger markets than
in older ones.
Role of Market Age

All else being equal, do ads become more or less effective
as markets age? This section explores the main effects of
market age. Two countervailing forces influence the effects
of market age: increased consumer reach and product famil-
iarity on the one hand and increased consumer tedium and
tapping out on the other.

In young markets, only a fraction of the potential consumer
pool is likely to be aware of the product. Furthermore, tedium
may not yet have occurred, because consumers may not yet be
fully familiar with the product. Thus, ads are likely to increase
in effectiveness when the product is first introduced in the
market. Subsequent airing of ads, though, leads to fewer con-
sumers who have not yet learned about the product, while
increasing the probability of tedium with the product. There-
fore, additional advertising about the product becomes less
and less effective. Therefore, we propose the following:

H;: The relationship between market age and ad effectiveness
follows an inverted U shape.

The next two sections present the context of the study and
the models we use to test these hypotheses.

RESEARCH CONTEXT

There are at least two approaches to study the effects of ad
cues in evolving markets. One approach would be to collect
market data from various ads for many brands across cate-
gories and code the ads for their executional cues. Such an
approach would maximize the number of potential cues.
However, it would introduce potential confounds due to
variations in brands, marketing mix, and category, whose
effects cannot be easily measured or controlled. Another
approach would be to examine a set of ads for a single brand
over a long period of its history. This approach would elim-
inate confounds due to brand and category. However, it
would limit the number of potential cues. Moreover, it would
introduce history as a confound, because the effectiveness of
various cues could be due to changes in ads used over time.

Our unique database attempts to maximize the benefits of
both approaches while minimizing their negative aspects.
The database contains a set of ads that have been used
repeatedly, in the absence of marketing variables, to pro-
mote one service in several markets at different known
stages of market age, in one historical time period. We first
explain the service and then elaborate how the unique data-
base enables a strong test of our hypotheses.

The data record consumers’ response to ads for a toll-free
referral service for a medical service. Consumers watch the
ads for the medical service on television and call the toll-
free number highlighted in the ads. A service advisor who
responds to the calls first queries callers on their needs and
preferences. The service advisor then searches through a
database of service providers and connects the customer
directly with the office of the service provider with the clos-
est match. We use the term “referral” to define this connec-
tion of a consumer to a service provider. The referral is the
key variable of interest to the firm. It is the basis for its rev-
enues and profits. The firm also assesses its performance on
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Table 2
DESCRIPTIVE STATISTICS

Creative Coefficients (B.)

Market Age (Months) Number of Creatives Used Minimum Maximum
Chicago 86 27 -.010 .025
Cincinnati 16 19 -.037 .048
Cleveland 10 13 -.024 077
Columbus 16 19 -.008 .099
Dallas 77 28 -.014 044
Denver 82 30 -.021 .033
Detroit 83 28 -.019 .034
Fresno B 26 -.012 063
Honolulu 8 12 -.024 044
Houston 77 30 -.027 049
Kansas City 35 26 -.033 .033
Los Angeles 144 28 -018 013
Miami 8l 28 -.028 .035
Milwaukee 78 27 -.031t 029
Minneapolis-St. Paul 16 28 -.023 .033
Phoenix 89 32 -.026 023
Portland 81 27 -.016 060
Sacramento 120 27 -.012 .028
St. Louis 20 25 -.043 .048
San Diego 141 29 -.015 032
San Francisco 143 27 -.004 019
Seattle 86 27 -.021 013
Washington, DC 17 19 -.015 033

the basis of referrals. As such, referral is the key dependent
variable in this research.

This context controls for many potential confounds. Tele-
vision advertising is the primary means of marketing,
though the firm also advertises a little in radio, billboards,
and yellow pages in a few cities. Thus, television advertising
is the main trigger for referrals for the firm. Pricing is irrel-
evant because the referral service is free to consumers. Ser-
vice providers who sign up for membership in the firm’s
database pay the firm a fixed monthly amount for a guaran-
teed minimum number of referrals. Distribution does not
affect response, because referrals are made completely over
the telephone. Product type does not affect response,
because there is only one type of service. Sales promotions
do not affect response, because the firm does not use sales
promotions. Effects due to the competitive environment are
limited, as the firm has virtually no direct competition in the
cities in which it operates.

The firm began operations on the West Coast in 1986 and
now operates in 62 markets throughout the United States. A
market is a well-defined metropolitan area in which the firm
solicits clients, advertises to consumers, and processes con-
sumers’ responses into referrals to those clients. Our data
involve 23 of these markets (see Table 2). They vary consid-
erably in age, from 8 months in Honolulu to 144 months in
Los Angeles. Variation in market age at a single point in his-
torical time controls for the effects of history. During the
period covered in this research, the firm did not systemati-
cally vary the executional cues used in old versus new mar-
kets. Therefore, the executional cues used in each market are
not confounded with market age.

The firm draws on a library of 72 different television ads
developed over the years. Each ad involves a unique config-
uration of ad executional cues that we call a “creative.”
Thus, we use the term “ad” generically and the term “cre-
ative” to refer to a particular ad with unique content. During

the period covered in this research, the firm used 39 cre-
atives across the 23 markets. The existence of 39 creatives
provides sufficient opportunity to find variation on many
executional cues, though the set in no way represents the
myriad executional cues discussed in the literature. The con-
tinued use of the same ads in markets of different ages
enables us to determine how market age moderates the
effect of the cues. Thus, the study provides a relatively clean
test of the hypotheses.

In a recent article, Tellis, Chandy, and Thaivanich (2000)
use a small data set from this context to decompose the instan-
taneous and carryover effect of advertising due to television
station, time, and ad repetition. That study focuses on ad
scheduling issues, covers only 5 markets, and considers nei-
ther the executional cues of the ads nor the role of market age.
In contrast, the current study covers 23 markets, codes the ads
for their executional cues, and uses market age as a moderator.

CODING OF AD CUES
Constructs and Operationalization

Table 3 presents the instrument we designed to operational-
ize each cue. Here, we define each cue and explain its coding.

Appeal mode. Argument-based ads are those that high-
light at least one factual benefit, and emotional ads are those
that highlight at least one emotional benefit. The greater the
number of factual claims made about the service, the more
the ad is argument focused. The greater the number of ref-
erences to emotional benefits or circumstances surrounding
use of the service, the more the ad is emotionally focused.

For factual claims, coders were instructed to count the
number of times the ad mentioned such factual information
as consumers’ ability to obtain information (1) that is reli-
able, trustworthy, and unbiased; (2) that is free of charge; (3)
that is thorough, specific, and complete; (4) that has been
used by others; (5) that can be accessed in a convenient way;
and (6) that they cannot get elsewhere. The firm chose to
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Table 3

EXECUTIONAL CUE VARIABLES: THEIR MEANING AND INTERCODER RELIABILITIES

405

Appeul Mode

Emotion
Intercoder agreement = .80

Argument
Intercoder agreement = .64

Emotion Type

Love
[ntercoder agreement = .90
Pnde
Intercoder agreement = .88
Guilt

Intercoder agreement = .84

Fear
Intercoder agreement = .89

Argument Type
Refute
Intercoder agreement = .82

Compare

Intercoder agreement = .85
Unique positioning
Intercoder agreement = .61

Count the number of emotional benefits mentioned
They understand me:

emy fears about this medical service.

emy desire to avoid pain (I've got to have pain relief).

emy discomfort in asking service provider for credentials.

emy desire to have confidence in my service provider.

emy desire to find a provider who cares about me (caring. takes time with me, attentive).
After using the service | will feel better (e.g., less guilt, happier, healthier, like a better parent).

Count the number of factual benefits mentioned
I can get information:
sthat is reliable, trustworthy, and unbiased (list contains referrals from other providers and patients).
ofor free.
sthat is thorough, specific, and complete (list contains information on licensing, standing with medical board.
education, specialties/special services, who performs new services, insurance provider, financing plans, personal
characteristics, length of time as a service provider. hours, pain prevention techniques, days of the week open,
location in relation to my work or home).
sthat has also been used by others (the service refers thousands of people per month to providers).
*in a convenient way.
sthat you can’t get elsewhere.

The ad shows warmth, care, love: for a dear one.
(0= “no | = “yes™)

The ad shows pride: in being responsible, of having beautiful features, beautiful children.
(0 ="no," I ="yes”)

The ad suggests guilt: of not being good, caring, dutiful, etc.
(0="no,” I = “yes”)

The ad suggests fear: of consequences of not using service.
(0="no0," I ="yes”)

The ad presents any contrary feeling or belief and then tries to assuage or destroy it.
(0= “no" | = “yes”)

The ad compares the service to another service.
(0 ="no." | = “yes™)

The ad restates attributes so as to reposition an existing belief or option.
(0 ="n0" 1 = “yes”)

Attribute Prominence

800 Visible
Intercoder agreement = .77

Total duration for which 800 number is visible (in seconds) in all appearances.

Appeal Frame

Negative goal frame
Intercoder agreement = .67

Positive goal frame
Intercoder agreement = .55

The ad shows how use of the service can avoid or prevent a potential problem, remove or solve an existing problem.

(0="no,” 1 ="yes”)

The ad shows how using the service enables the consumer to be a better parent, care for others, look more beautiful,

gain approval.
(0="no,” I ="yes”)

Appeal Source

Service provider
[ntercoder agreement = .98

Service advisor
Intercoder agreement = .93

Endorser is a medical service provider.
© =10 | = “yes”)

Endorser is a service advisor.
(0= "n0" 1 = “yes™)
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highlight these arguments because it believed such argu-
ments drive consumer preferences.

For emotional claims, coders were instructed to count the
number of times the ad mentioned such emotional benefits
or motivators as the service’s understanding of (1) con-
sumers’ fears, (2) consumers’ desire to avoid pain, (3) the
discomfort consumers feel in asking for credentials, (4) con-
sumers’ desire to have confidence in the service provider,
and (5) the feelings consumers will have after they use the
service.

Coders were also asked to rate the ad for the type of argu-
ment. Superficially, they were asked to rate (0 = “not pres-
ent” | = “present”) whether the ad used a refutational
appeal, comparative appeal, or unique positioning. An ad is
coded as using a refutational appeal if it presents a premise
or belief and then tries to destroy it with contrary evidence
or arguments. The ad uses a comparative appeal if it com-
pares the service with another service. The ad uses a unique
positioning if it attempts to change the criteria of evaluation
so consumers would then assess the service more favorably
than they did before they saw the ad.

Simitarly, the raters rated the ad for the specific emotional
appeals it contained. The raters looked for the following spe-
cific appeals, which they rated either as present (=1) or not
present (=0): love, pride, guilt, and fear. Note that the
appeals are not mutually exclusive; a single ad can include
more than one of the appeal types.

Appeal prominence. Appeal prominence is measured here
as the length of time, in seconds, the 800 number is visible
during an ad exposure. This issue is tmportant, because in
our context, the key message text is the 800 number con-
sumers call to request a referral.

Appeal frame. Some ads show how the use of the service
could avoid or prevent a potential problem or remove or
solve an existing problem. In this case, consumers are
shown a problem, and the ad suggests how this problem
could be prevented, minimized, or eradicated. Consistent
with Maheswaran and Meyers-Levy’s (1990) focus on mes-
sage framing and goals, we call this a negative goal frame
because the message focuses on the goal of avoiding or
eliminating a negative state (see also Shiv, Edell, and Payne
1997). Other ads show how the service enables the con-
sumer to take a current (and potentially positive) situation
and make it even better. For example, some ads suggest that
consumers would be better parents, others suggest that they
would look better, and still others suggest that the use of the
service would evoke social approval. We call this a positive
goal frame because the message focuses on the goal of
achieving a positive state. Others in the literature (e.g.,
Rossiter and Percy 1987) refer to this framing of messages
in terms of informational (problem solving) versus transfor-
mational motives. Coders were instructed to evaluate
whether each ad used negative goal framing (0, 1) and/or the
extent to which it used positive goal framing (1, 0). Theo-
retically, these are conceptualized as independent forms of
goal framing, because a given ad could focus on one, the
other, or both goals.

Appeal source. Service providers and service advisors are
two types of experts used in our sample of ads. A service
provider is a medical service professional who provides the
actual medical service. The service provider offers expertise
by virtue of his or her ability to perform needed medical serv-

ices and knowledge of the medical service domain. A service
advisor 1s an operator who helps customers identify and
access a suitable service provider. The service advisor offers
expertise by facilitating a match between the patient and the
service provider. Coders were asked to rate whether the ad
contained a service provider (0 = “not present,” 1 = “pres-
ent”) and whether it contained a service advisor (0 = “not
present,” | = “present”).

Coding Procedure

Two paid coders familiarized themselves with the bank of
72 creatives and were trained in coding the content and exe-
cutional cues of each ad. The coders were first provided with
a written description of each cue and then were involved in
a more detailed discussion of the meaning of each. Discus-
sion between the authors and the coders ensured that coders
understood the meaning of each cue. The two coders then
independently watched a set of three ads and coded each.
Two authors also viewed and coded these same ads inde-
pendently. The authors then discussed these ratings of the
ads with the coders and refined the instrument. The coders
subsequently coded a set of three additional creatives and
compared their responses. We discussed disagreements
between coders to clarify the meaning of the cues and the
ratings of the creatives. After this meeting, the coders inde-
pendently coded the remaining commercials. We calculated
intercoder reliabilities at the levels of the ad and the execu-
tional cue. Disagreements between the coders were resolved
by discussion.

Two of the 72 ads have intercoder agreement levels above
90%; 30 have intercoder agreement levels between 80% and
89%; 33 have intercoder agreement levels between 70% and
79%; 6 have intercoder agreement levels between 60% and
69%. One ad has an intercoder agreement level of 52%. The
average intercoder agreement across ads is 76%.

Intercoder agreements for executional cue variables are
shown in Table 3. For the variables that did not involve
counts, the intercoder agreement level ranges from a high of
98% to a low of 55%, with an average of 81%. For the vari-
ables that involve frequencies and counts (Emotion, Argu-
ment, and 800 Visible), the two raters are within one count
from each other in 80%, 64%, and 77% of the cases, respec-
tively; the data in Table 3 reflect these figures (for a similar
method of assessing intercoder agreement, see Price and
Arnould 1999). Lower intercoder reliabilities for goal fram-
ing may be attributable to the fact that evaluations of the ad’s
use of positive or negative goal framing require that coders
focus on global aspects of the ad (the ad’s theme or focus)
as opposed to the more micro-level responses contained in
some of the other coding categories. As expected, argument
focus and emotional focus appear to be relatively independ-
ent, because they are not highly correlated (r = .24). As
expected, positive and negative goal framing also are not
highly correlated (r = —.12).

MODEL SPECIFICATION

We conduct our analysis at the hourly level, for two rea-
sons. First, this level of analysis enables us to isolate the
effects of the ad creative from other variables such as time
of the day and the television station on which the ad was
aired. Second, research has shown that aggregating tempo-
ral data to higher time intervals can upwardly bias the esti-
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mated effects of advertising (Clarke 1976; Leone 1995).
Analysis at the hourly level is most appropriate, because ads
are aired within the hour and consumers are most likely to
respond immediately (Tellis, Chandy, and Thaivanich 2000).

To test our hypotheses, we follow a two-step procedure. We
first model consumer behavior as a function of advertising.
For the sake of consistency, we use the same modeling
approach in this step as Tellis, Chandy, and Thaivanich (2000)
use. As in their research, our database includes detailed infor-
mation, at the hourly level, on the ads aired by the referral ser-
vice, the specific ad creative used, and the specific station
used in each market, as well as the number of exposures of
each ad, per hour, per television station. We measure behavior
by referrals received and advertising by exposures to a spe-
cific ad in an hour in one medium. We use referrals as our
dependent variable because this is the variable of interest to
the firm’s management. All analyses at this stage take place
within a market, for each of the 23 markets. The model pro-
vides estimates of the response of each market to each ad.

In the second stage, we model the variation in the ad
response coefficients (obtained from the first stage) as a
function of ad cues and market age. We describe these stages
in detatl next. In principle, we can combine the two stages
of our model and estimate a single reduced form. However,
because of the complexity of our model and the large num-
ber of independent variables, such estimation is difficult to
execute and interpret (Greene 1997). Therefore, we estimate
the equations in each stage separately as explained next.

Stage |: Estimating Response to Advertising

To allow the advertising response curve to take on a vari-
ety of shapes beyond the exponential form, we follow Tellis,
Chandy, and Thaivanich (2000) and use a general distributed
lag model of the form

(DR =a+YR_ +7aR 2+ 1R _3+ ... + BoA + B1A
+BA s+ ... +E,
where

t = an index for time period,
R = referrals per hour,
o, B, Y = coefficients to be estimated,
A = ads per hour, and
€ = errors.

In this formulation, the number and position of lagged values
of advertising affect the duration of the decay. The number and
position of lagged values of advertising also affect the shape of
the decay (e.g., the presence and shape of humps in the decay).

Advertising at different times of day can have different
decay structures. Responses to morning ads may emerge a
few hours later than ads at other times, because consumers
are frequently rushed in the morning and may therefore take
longer to respond to morning ads. To test for this difference,
the basic model in Equation 1 also includes a variable for
morning advertising and its corresponding decay. Further-
more, to properly isolate the effects of ad creatives from
those due to other factors, we include several control vari-
ables (described subsequently) in Equation 1.

Control variables. The referral service is closed at night
and during part of the weekend. Therefore, we control for
the hours when the service is open. Furthermore, we interact

—
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hours open with every other explanatory variable in the
model, because no other variable can affect calls for refer-
rals unless the service is open. Properly including that vari-
able in the model can account fully for the truncation bias
and eliminate the need for more complex models (Amemiya
1985; Judge et al. 1985).

Tellis, Chandy, and Thaivanich (2000) show that medical
calls follow typical daily patterns. Calls peak around mid-
day, when consumers have more spare time to make the
calls. Calls tend to be lower in the early morning and late
evening as consumers attend to other compelling activities.
For this reason, we include dummy variables for each hour
of the day when the service is open, from 8 A.M. to 9 p.Mm.
Eastern Time. We drop 12 pPM. to serve as the reference
level. Calls are higher after a holiday, especially at the
beginning of the week, either because of pent-up demand
when the service is closed or because consumers are more
sensitive to pain when fun ends and work begins. Calls for
medical service drop toward the end of the week, perhaps
because consumers put off medical help to prepare for or
enjoy the weekend. We therefore include dummy variables
for each day of the week, excluding Sunday (when the ser-
vice is closed) and Saturday (the reference level).

On the basis of this discussion, we test the following gen-
eral model separately in each of the 23 markets for which we
have data. Matrices representing sets of related variables
measured by hour are denoted in boldface text.

(2) R=o+ (R<|}\. + ABA + AMBM + SBS + SHBSH
+ HDBHD + CBC +)O0 + €.
where

R = a vector of referrals by hour;
R_; = a matrix of lagged referrals by hour;
A = a matrix of current and lagged ads by hour;
Ay =a matrix of current and lagged morning ads by

hour;

S = a matrix of current and lagged ads on each televi-
ston station by hour;

H = a matrix of dummy variables for time of day by
hour;

D = a matrix of dummy variables for day of week by
hour;

O = a vector of dummies recording whether the service
is open by hour;

C = a matrix of dummy variables indicating whether a
creative is used in each hour!;

o = constant term to be estimated;

A = a vector of coefficients to be estimated for lagged
referrals;

B; = vectors of coefficients to be estimated; and

€, = a vector of error terms, initially assumed to be i.i.d.
normal.

A, the matrix of exposures of a particular ad per hour, and
C, the matrix of creatives, contain many zeros, because
many hours of the day have no advertising. Thus, at the dis-
aggregate hourly level, these variables have limited distribu-

IWe use C to refer to the matrix of creatives here and ¢ to refer to indi-
vidual creatives subsequently.
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tion, almost becoming zero/one variables. With the excep-
tion of current and lagged values of referrals, all the other
variables are dummies. This characteristic of the independ-
ent variables greatly limits the possibility of and need for
alternative functional forms (Hanssens, Parsons, and
Schultz 1990). In addition, given the large number of inde-
pendent variables and the inclusion of many of the exoge-
nous influences on the dependent variables, we initially
assume that the error terms follow a normal distribution
identically and independently. As such, we estimate the
model with ordinary least squares. (An empirical test of the
model reveals no major deviations from the classical
assumptions.)

In this study, our primary interest is in the coefficients
(B,) of the creatives (c) in each market. Note that we include
the creatives as dummy variables, indicating whether a cre-
ative is used in a particular market for which we estimate
Equation 2. We choose to drop the creatives that have an
average effectiveness and to include only those that are sig-
nificantly above or below the average. Thus, the coefficient
of a creative in Equation 2 represents the increase or
decrease in expected referrals due to that creative relative to
the average of creatives in that particular market. This spec-
tfication has the most practical relevance. Managers are not
interested much in a global optimization of the best mix of
creatives. Rather, they are interested in making improve-
ments over their strategy in the previous year. For this rea-
son, they seek analyses that highlight the best creatives (to
use more often) or the worst creatives (to drop).

Stage 2: Explaining Effectiveness Across Ads

In this stage, we collect the coefficients (B,) for each cre-
ative for each market (m) in which it is used, and explain
their variation as a function of creative characteristics and
the age of the market in which it ran. H,—H; suggest the fol-
lowing model:

(3) Be m = @ Argument, + @a(Argument, X Agey,) + ¢;Emotion,
+ @4(Emotion. x Age ) + ¢5800 Visible,
+ @4(800 Visible, X Age,,) + ¢;Negative,
+ @g(Negative, x Age.,) + @oPositive,
+ @o(Positive. x Age,,) + ¢ Expert,
+ @>(Expert, X Age,) + ¢;3Nonexpert,
+ @ 4(Nonexpert. X Age,,) + ¢sAgen

+ Qs(Agey)? + T Market + v

where
Be.m  =coefficients of creative ¢ in market m from
Equation 2,
c = index for creative,
Age = market age (number of weeks since the incep-

tion of service in the market),
Market = matrix of market dummies,
r = vector of market coefficients,
v = vector of errors,

and other variables are as defined in Table 3 or in Equation 2.
Because we do not have a priori hypotheses for difterent
markets, we insert the Market dummies in a stepwise man-

ner, such that only statistically significant dummies are
included in the final regression equation.

RESULTS

Our results for the equations estimated in Stage | are
generally consistent with the results reported by Tellis,
Chandy, and Thaivanich (2000). For this reason, and
because the hypotheses of interest relate to Equation 3, we
focus here on the results of estimating Equation 3. Table 2
provides descriptive statistics on the creative coefficients,
B., for each market m. These coefficients reflect the
expected referrals from the most and least effective cre-
atives in each market relative to the average creatives in that
market.

Table 4 provides descriptive statistics for each independ-
ent variable of interest. Table 5 provides pooled regression
coefficients for Equation 3. The model is statistically signif-
icant (F = 20.52, p > .0001) and explains a substantial vari-
ation in the dependent variable, referrals (R = 42.25%). We
describe the results for each hypothesis subsequently. All
reported coefficients reflect standardized values. Because all
our hypotheses on ad cues relate to their interactions with
market age, we focus only on these interaction effects.

Appeal Mode: Argument- and Emotion-Focused Ads

H, suggests that argument-based ads are likely to be more
effective in younger markets than in older markets. The
results in Table 5 support this hypothesis. The Argument X
Age interaction is negative and significant (¢, = -.17, p <
.05). Thus, argument-based ads become less effective as
markets get older.

H, argues that emotion-based ads are more effective in
older markets than in younger markets. The results in Table
5 also support this hypothesis. The interaction between
Emotion and Age is positive and significant (¢, = .18, p <
.05). Thus, emotion-based ads become more effective as
markets get older.

Figure | shows mean referrals for appeal mode by market
age. It pictorially highlights the effects of emotion-based
versus argument-based appeals in young versus old markets.
The y-axis in the graph refers to the B, values, obtained from
Equation 2 and described previously. We dichotomize Age,
Emotion, and Argument in Figure | using median splits. An
overall analysis of variance (ANOVA) indicates a significant
interaction between the type of appeal and market age (F =
6.10, p < .001), which also supports H, and H,.

To provide deeper insight into these effects, we identify
specific types of argument- and emotion-based appeals (see
also Frijda 1986; Russell 1978). As noted previously, the
emotional appeals used include love, pride, guilt, and fear.
The argument types include refutation, comparison, and
unique positioning.

Figure 2 shows mean referrals for different emotional
appeals in young versus old markets. Although ANOVAs
comparing means across the different cells indicate that the
interaction effects are not statistically significant, the effects
are in the expected direction. Figure 3 describes the mean
referrals for different argument types. An ANOVA compar-
ing differences in means indicates that the interaction of
Compare x Market Age in Figure 3 is significant and in the
expected direction (F = 20.84, p < .001). However, the inter-
actions of Refute x Position are not statistically significant,
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Table 4
DESCRIPTIVE STATISTICS
Appeal Mode
Variable Meun Stundard Deviation Minimum Maximum
Emaotion 3 48 0 2
Argument 1.77 1.79 0 8
Emaotion Type
Love 12 32 0 1
Pride 07 26 0 I
Guilt 17 38 0 1
Fear .09 29 0 1
Argument Type
Refute .04 19 0 |
Compare 12 32 0 1
Frame 23 42 0 1
Antribute Prominence
Variable Mean Standurd Deviation Minimum Maximum
800 Visible 6.46 1.8 4 11
Goal Frame
Variable Mean Standurd Deviation Minimum Muaximum
Negative .66 47 0 |
Positive 34 47 0 |
Appeal Source
Vuriable Mean Stundurd Deviation Minimum Maximum
Service Provider .09 29 0 1
Service Advisor 22 41 0 1
though the interaction of Refute x Market Age is in the Table 5
expected direction. REGRESSION RESULTS
Appeal Prominence
. . . . Vuriable Stundardized Coefficient
H; suggests that ads in which key message text is promi- -~
nent (here operationalized as being visible on screen for ﬁigznm;:i X Age _'f;j**‘
longer periods of time) are more effective in younger than in Emotion 17
older markets. The coefficient of the interaction of 800 Vis- Emotion x Age B
ible x Age in Table 5 is negative and significantly different 800 Visible 26%%*
from zero at the 90% level of significance (¢g = ~21, p < 800 Visible x Age -2
. . Negative WAL
.10). The results in Table 5 thus provide some support for Hj. Negative x Age _Isex
Figure 4 provides a pictorial description of the effects of Positive _ 33k
the duration of message text in young versus old markets. To Positive x Age 14x
create Figure 4, we dichotomize both the 800 Visible vari- Service P‘OVfg‘" -.05
able and the Age variable using a median split. The figure ”m:ii z::’\:’i‘soir x Age '32***
shows that ads in which the key message text is visible for Service Advisor x Age _g*
longer than the median number of seconds are much more Age S5%=
effective in young markets than in older markets. An overall (Age)? —26™*
. - . . . . FI T
ANOVA of the dichotomous variables indicates a significant Cotumbus (market dummy) '26***
interaction between the duration of message text and market Presno (market dummy) ‘14
In € . . Phoenix (market dummy) Al bl
age (F = 6.22, p < .001). Furthermore, the difference in Seattle (market dummy) _ 10+
means in older markets between ads with short message text R2 42.25%
duration and those with longer message text duration is sig- “p<.10
nificant at the p < .10 level (F = 3.30, p < .074). ** p < 05.
*+% < 001,

Appeal Frame

H, argues that negatively framed ads will be more effec-
tive in younger markets than in older markets, and Hs sug-
gests that positively framed ads will be more effective in

older markets than in younger markets. The results in Table
5 support these hypotheses. The Negative X Age interaction
is negative and significant (¢g = —.15, p < .05). The Posi-
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Figure 1
EFFECTS OF ARGUMENT VERSUS EMOTION BY
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tive X Age interaction is positive and significant at the 90%
significance level (¢;q=—.14, p = .10).

Figure 5 describes the mean referrals for negatively and
positively framed ads in young versus old markets. The fig-
ure reinforces the regression findings and suggests that neg-
atively framed ads are more effective in young markets than
in old markets, whereas positively framed messages tend to
be more successful in older than in younger markets. An
overall ANOVA indicates a significant interaction between
appeal frame and market age (F = 22.81, p < .001).

Appeal Source

Hg suggests that expert endorsers are more effective in
younger markets than in older markets. In our context, there
are two types of expert endorsers: service providers and ser-
vice advisors. The interaction of Service Provider x Age is
not significantly different from zero (@, = .00, p > .99). The
interaction of Service Advisor x Age, however, is significant
and in the expected direction (¢4 =—.18, p <.05). Hg is thus
partially supported, indicating that endorsement by a service

advisor is more effective in younger markets than in older
markets.

Market Age

H, argues that as a market gets older, opposing forces
influence ads’ effectiveness. Consumer response would
likely increase initially because of increased market reach
and growing brand awareness but decrease later because of
tedium effects and potential reactance. Therefore, we
hypothesized an inverted-U—shaped response to the effects
of market age. The results in Table 5 support this hypothe-
sis. The Age coefficient is positive and significant (¢5 = .55,
p < .05), and the squared Age coefficient is negative and sig-
nificant (¢, = —.26, p < .05).

Figure 6 represents the effects of Age in graphical form.
The model predicts that the diminishing returns to Age arise
during the thirteenth year of operation. Note that this
inverted-U response does not correspond directly to tradi-
tional wearout curves, because those curves generally track
the effects due to repeated exposure to the same ads. Figure
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6, however, tracks market age, which corresponds to
repeated exposure to the service, using a variety of different
ads and after controlling for the effects of ad repetition.
Therefore, it is not surprising to see the inflection point
appear later than is usual in traditional tests of wearout.

DISCUSSION
Summary and Contributions

Econometric literature on the real-world effects of adver-
tising is extensive. However, rarely does this work rely on
the vast information-processing domain or consider how an
ad’s creative content affects consumers’ behavioral
response. Analogously, there is a rich literature on how var-
ious executional cues of ads affect consumers’ responses at
different levels of motivation, ability, and opportunity. How-
ever, rarely does this work examine the real-world, behav-
ioral impact of ads. The present study is an attempt at bridg-
ing these two areas.

Building on work on motivation and ability to process
information from ads, we argue that the behavioral impact
of various executional cues depends on whether the market
is young or old. Marketing researchers who study advertis-
ing elasticities have noted that an ad budget that is just right
for one stage of product evolution may be inappropriate for
another stage (one size does not fit all stages, so to speak;
Tellis and Fornell 1988). Our research highlights the point
that an ad cue that is just right for one stage of market evo-
lution may be less appropriate for another stage (one style
does not fit all stages).

In young markets, consumers’ knowledge of a product
may be limited, making their ability to process information
from ads low and their motivation relatively high. This situ-
ation should make them particularly responsive to argu-
ment-focused appeals, expert sources, and negatively
framed messages. Also, they should have greater capacity to
encode and act on message arguments when these argu-
ments are prominent within the ad. In older markets, con-
sumers may have gained knowledge, which reduces their
motivation to engage in extensive ad processing. As such,
factors that increase their personal involvement in the ad—

Figure 5
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such as the use of emotion-focused appeals and positively
framed messages—may be particularly likely to create a
behavioral response. An empirical analysis of a set of ad cre-
atives in real markets supports these predictions. The find-
ings supplement the knowledge about the role of market age
in understanding advertising’s effects. Just as advertising
elasticities vary by market age, so too does the effectiveness
of various executional cues.

Our study contains several novel features. Most important,
our focus on the behavioral impact of various creative elements
by market age is novel. Indeed, a recent summary by Vakratsas
and Ambler (1999) of 250 empirical studies of advertising
reveals no empirical generalizations regarding this idea. Stew-
art and Furse’s (1986) work is a rare case that examines the
efficacy of various executional cues—for new versus estab-
lished brands. However, those authors do not study ad efficacy
using a behavioral measure; their measure of efficacy is based
on a persuasion score (similar to a purchase intention measure)
provided by respondents who were recruited to view a single
exposure of the ads in off-air test sessions (Stewart and Furse
1986, p. 39). Our study is also novel in its focus on a novel
product (advertising for medical services). This focus adds to
the bulk of work done experimentally and in the field on con-
sumer packaged goods products. Finally, our study adds novel
elements to the literature on goal framing. Given the limited
work on this executional cue, our results suggest that further
study and theory on goal framing and advertising is warranted.

Our study differs from Stewart and Furse’s (1986) in sev-
eral regards. First, we focus on ads for a single brand in mar-
kets of different ages (versus many different brands at vari-
ous stages of the product life cycle). We control for history
effects by examining markets of different ages that exist at
the same time. Recall that in our context, the same ads aired
in new markets as well as in old markets. Second, we exam-
ine the behavioral impact of commercials for the service as
the market ages. Finally, our model enables us to isolate the
behavioral impact of advertising due to creative characteris-
tics from other potentially confounding factors. Perhaps for
these reasons, our results appear more robust than those of
Stewart and Furse (1986).

Figure 6
PREDICTED EFFECT OF MARKET AGE ON REFERRALS

2.0E-02
; 1.8E-02
»
1.66-02

1.48-02

to Market A

12602

1.0E-02

(

6.0E-03

40E-03

w 2.0E03

0 50 100 150 200 250 300 350
Market Age (Months)

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.




412 JOURNAL OF MARKETING RESEARCH, NOVEMBER 2001

Our research on market age also adds to the consumer
information-processing literature by suggesting the impor-
tance of understanding the potentially negative relationship
between motivation and ability to process information from
ads (Maclnnis, Moorman, and Jaworski 1991). Although
traditional information-processing models focus on situa-
tions in which motivation and ability are low versus high
(MaclInnis and Jaworski 1989; Petty and Cacioppo 1986),
the fact that in real markets these two factors may be nega-
tively related complicates predictions about advertising’s
effects. We focus on the efficacy of executional cues when
motivation is high and ability low or when motivation is low
and ability high. This approach is relatively novel to the con-
sumer information-processing literature.

Our results are particularly relevant for managers dealing
with products that involve rollouts over a relatively extended
period of time. Examples of such products are plentiful
(e.g., digital subscriber lines, cellular telephone services,
airlines, as well as toll-free services of the type studied in
this article). Extended rollouts are often necessary because
of the complexity and expense associated with building a
local infrastructure to deliver the product or service in each
market (Chandy and Tellis 1998, 2000). The extended roll-
out results in markets of widely varying ages: some that are
quite mature and others that are brand new. Anecdotal evi-
dence suggests that the current practice (except perhaps in
cross-national situations) is to show roughly the same set of
ads across all markets. Indeed, this was the strategy fol-
lowed by the firm studied here. Our results suggest the need
to tailor ads to fit the age of specific markets and use differ-
ent ads for different ages.

Limitations and Further Research

As with any study, our results should be viewed as tenta-
tive. This article tests the simple premise that market age
moderates the relationship between executional cues in ads
and their behavioral impact. One strength of our study is that
its narrow context enables us to control for a variety of con-
founding factors while incorporating real-world advertising
and actual consumers. Although this context serves us well
in terms of internal validity and extends experimental work
done on advertising effects, generalizations would depend
on additional work that incorporates competitive effects and
uses other products and services, different sets of ads, and a
larger body of executional cues.

For example, because we studied a market in which com-
petitive pressures are limited, it is reasonable to determine
whether the effects generalize to contexts in which compet-
itive pressures are high. Furthermore, the context we exam-
ined was one in which there was limited time between expo-
sure and potential consumer response. Although current
models of persuasion (e.g., the theory of reasoned action
model or theory of planned behavior) suggest that attitudes
are capable of predicting behavior marked by long periods
between exposure and behavior (see Sheppard, Hartwick,
and Warshaw 1988), it is possible that predicting behavior
from advertising will require richer theoretical models that
incorporate both competitive effects and exposure—response
durations.

Further work could also consider the intervening factors
that underlie the effects we observed. Although our predic-
tion was that a priori levels of motivation and ability would

explain why various cues may or may not be effective, our
study did not measure the level of these variables. Work that
more directly links these states to advertising outcomes is
therefore in order. Also, the bulk of our analysis here is at
the market level; there is the potential for heterogeneity
biases when aggregating responses from the individual
level. Future work with individual-level data can help
address this issue.

Future work should also focus on additional process vari-
ables that mediate ad effectiveness for products of different
market ages. One could expect, for example, that the high
motivation level predicted for consumers in young markets
would lead to deep processing with support and counterar-
guments to message claims. This deep processing would
make ad claims more salient and render them easier to
recall. Because the product is new to the market, recall may
be quite important. In contrast, the low motivation but high
ability predicted for consumers in older markets would ren-
der them susceptible to emotional and approach-based mes-
sages that motivate them to imagine positive benefits from
product use. Less cognitive response and more emotional
response might be observed for consumers in older markets.

Further research should also focus on additional execu-
tional cues beyond those studied here. Stewart and Furse’s
(1986) study provides a rich basis for identifying cues dif-
ferent from those we studied that might vary across markets
of different ages. For example, in younger versus older mar-
kets, congruence of commercial elements (e.g., the extent to
which the brand name reinforces a brand benefit), attributes
as the main message, and demonstrations would be more
important. These cues would facilitate brand name and attri-
bute learning—important effects when the product is new
and consumers are limited in their prior product knowledge.
In contrast, when product knowledge is high but motivation
low, as would be the case in older markets, the use of humor,
comfort appeals, sex appeals, scenic beauty, surrealistic
visuals, and aesthetic claims might be effective. These cues
might enhance consumers’ motivation to process the ad by
their appetitive and emotional nature.

Finally, further research should examine the effectiveness
of advertising executional cues in other types of product-mar-
kets. For example, competition may moderate the effects stud-
ied here—the effects of advertising cues in highly competitive
markets may well be different from those in the current con-
text. Perceived risk in product purchase or use may be another
moderating factor. For a medical service, consumers may per-
ceive risk to be high, making them more susceptible to argu-
ments, negatively framed messages, and expert sources in
young markets. The effects may be different when consumers
perceive the risk in product purchase or use to be limited.
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